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Agenda

Review what we know about Retail Out-Of-Stocks from our
previous research
Evoking the genie from the lamp: our approach to solv Ing

the OOS puzzle

Suggest a best practice of OOS measurement: can we
measure OOS without counting them on the shop floor?

Show how measurement can direct us to solutions by
revealing the root causes

Reveal 5 general areas that need to be addressed, base d on
our research and others’ studies

Show what RFID can and can’t do so solve OOS
Summarize the findings and make some recommendations



Why should we pay attention to OOS?

 Lost Sales & Margin For Manufacturer
» Lost Sales And Margin For Retailer
 Domino Effect On Categories

» Dissatisfied Customers

 Here are some findings from our 2002
study. These generated the interest
(and another research grant) for the
current study!

o Let’s find out why.



OOS Observations - Shoppers

The Majority of Consumers said they would Seriously
Consider Switching Stores if 3 to 4 Items wege
Routinely Out of Stock per Shopping Trip

In-Stock is the 3 " Highest Ranking Suggestion for
Retailers to Improve their Stores

10,000 People/day Call P&G Mentioning They Could
Not Find Their Product

With a Shopping List of 40 Items the Statistical
Likelihood of a Store with an 8% OOS Rate being in
Stock for all 40 Items is 4%

4
1 - Source: 2002 GMA/FMI/CIES Global Out of Stock Study 2 - Source: 1996 Coca Cola Retailing/Andersen Consulting Study



Worldwide Extent > 8%

Overall OOS Extent (Averages)

Worldw ide 1 8.3
Other Regions 1 8.2
Europe ] 8.6
USA 1 7.9
0.0 2.0 4.0 6.0 8.0

Percent OOS

10.0

*Note: Europe includes all Europe including Easteéurope




Extent—Definition and Measurement

Store-based definition:

Percentage of SKUs not on the retail store shelf at a
particular point in time.

Measured by audits, normally in selected categories, then
aggregated.
Shopper-based definition:

Number of times a shopper looks for an item in the store
and does not find it on the expected shelf.

Calculated as a percentage.
Measured by estimation from store POS data.
Helpful for examining fast-moving items.



Background: Extent

Interpretation and Implications

In spite of heavy investments to improve supply

chains, worldwide OQOS levels still average 8%, or

from the shopper’s perspective, for every 13 items a
shopper plans to purchase, one will be OOS.

For promoted items, OOS levels average 16%, which
translates to one OOS item for every 7 promoted
items a shopper plans to purchase.

Thus, in an industry heavily dependent upon
promotions, the impact of one-seventh of
promotional dollars is reduced.

Sales velocity always affects the rate of OOS.



Background: Extent

Q: HOW MUCH HAVE OOS RATES
CHANGED?

* Coca-Cola Research Council 1996 study =
8.2% (USA only)

e Our GMA/FMI/CIES 2002 study = 8.3%
(Worldwide; 7.9% USA)

But... there are so many new kinds of
technology Iin scanning systems,
databases, computer assisted ordering
(CAO) systems, etc...



Background: Extent

WHY HAVEN'T OOS RATES CHANGED?

« Technology improvements have been
offset by process complexity
— SKU proliferation
— Promotional proliferation
— Store level assortment
— Store level planogramming

« Many Retailers in the industry have
reduced their labor force dramatically

e Let's see what would happen if we
Increased product availability.



Likelihood of 100% Shopper Satisfaction

If a Retailer Can Cut the OOS Rate in Half,
Potential for 100% Satisfaction Skyrockets!

100%

90% =—g==20 items purchased
0
== 40 items purchased

80% /BZ%L
70%

. / ) 67%
50%
yy.d

Probability of 100% Satisfaction

30% : b
20% -
. %
10% i %
0% \@/ ‘
91% 94% 97% 99%

Store In-Stock Rate 10

Thanks to Synchra Systems, Inc. for this design!
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SHOPPER RESPONSE

THERE ARE 5 SHOPPER REACTIONS

WHEN FACED WITH AN OQOS:

Do not purchase
Purchase elsewhere

Substitute — same brand
Substitute — different brand
Delay purchase

11



SHOPPER RESPONSE
How Do Shoppers Respond to Out of Stocks?

The consumer
studies

show that
retailers are likely
to lose more than
40% of the
Intended
purchasesvhen a
consumer
confronts an out-
of-stock
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SHOPPER RESPONSE

REGIONS

Average Consumer Responses by Region
(comparisons across 8 common categories)

USA 31 i 21 22 |11

Europe 27 - 16 32 4_-——9— 
Other

meg 34 - 20 o5 g| O Bought at another store
egions | Delay purchase

| 1 Substitute-same brand

World 31 19 26 9 i i

Average - O Substitute-different brand

O Do not purchase item

0% 20% 40% 60% 80%  100%

13



SHOPPER RESPONSE

Varies Greatly by Category

Average Worldwide Consumer Responses by Category

Feminine Hygiene

Diapers

Toothpaste

Shampoo/Hair Care

Laundry

Toilet Tissue

Salted Snacks

Paper Tow els<

| | = [5

| 14 | 20 |10

| [ 24 |7

| 30 |7

| 31 [7

| 28 [ 11

| 38 [ 16

: 37 ‘ [12
0%  20%  40%  60%  80%  100%

@ Bought at another

store
W Delay purchase

O Substitute-same

brand
O Substitute-different

brand
0 Do not purchase

item

$ %
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SHOPPER RESPONSE

Grocery Store Featured Category

>

Source: ECR-UK 2005 Q
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SHOPPER RESPONSE

Drug Store Featured Category

Source: ECR-UK 2005
16




SHOPPER RESPONSE

Studies Continue to Show Strong Store Switch Tenden  cy
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Cost Implications of OOS

Costs are estimated from extent and shopper responses.

Research findings show that  a typical retailer loses about 4
percent of sales due to having items out-of-stock.

A loss of sales of 4 percent translates intoa  earnings per
share loss of about US$0.012 (1.2 cents) for the average firm
In the grocery retailing sector where the average earnin gs
per share is about US$0.25 (25 cents) per year.

Based on Consumer Reactions, North America Estimated

Lost $ Sales Total US$5 Billion Annually (goods peo  ple
planned to buy, but did not due to OOS).

Retailers Lose US$32 Million for Every US$1 Billioni n Sales

Manufacturers Lose US$28 Million for Every US$1 Billio  nin
Sales

Here is how that is calculated: =



Calculating a company’s
lost sales from OOS:

OOS Rate %
y Example:
Avg OOS rate 8%
Category Avg )g( °
Lost Sales %
y MFR Avg Loss 30%
X

Total Category/

izati Category Sales 1B
Organization Sales $ gory 3

Lost sales $24,000,000

Sales Lost to O0OS $

Typical MFR Sales Loss/$1B total sales is about $24 million!
Note: Ratio would be the samesfor other currencies.



IMPLICATIONS:

RETAILER SALES LOSSES
DUE TO OOS ARE ABOUT 4 PERCENT

Sales Losses Due to OOS
[ [ [ //\
World Average | | | 7 139 % &
Europe ] 3.7
USA | | | | 138 %
Other Regions | | | | \ 4.0 % !
By Region | \ #
Salted Snacks ]2.1 0
Toilet Tissue | | | ] 2.4 /0#
Laundry | ‘ ‘ ] 3.2
Feminine Hygiene | ‘ ‘ ‘ ] 3.5
Diapers | | | ]13.8
Hair Care | ‘ ‘ ‘ ] 4.5
By Category |
0.0 1.0 2.0 3.0 4.0 5.0
Estimated Percentage Loss




Additional Consequences of OOS

endecties - [[Rewer .




Lowering OOS Begins With

OOS Causes
Worldwide Averages

otal upstream | Store Orderin
causes and

28% Forecasting
47%

In the store, not
on the shelf
25%

O

)) + 0

Understanding the Causes of OOS

Retail store ordering
and forecasting
causes (about %2 of
00S)

Retail store shelving
and replenishment
practices where the
product is at the
store but not on the
shelf (about Y4 of
00S)

Combined upstream
causes (about ¥4 of
00S)

0
/0 22



LET'S SUMMARIZE THE CAUSES:

Store Forecasting — 35%
* Ineffective algorithms
» Long forecasting cycles

Store Ordering — 13%
e Late order / no order

 Inappropriate replenishment
intervals

Store Stocking — 25%

* Inadequate or poorly
allocated shelf space

» Shelf stocking frequency
» Congested backroom

Warehousing — 10%
» Poor ordering policies
e Data accuracy issues

Management Errors — 14%

» Last-minute price / promotion
decisions

e |Inaccurate or obsolete
product information

Manufacturer Availability — 4%

« Packaging, raw material or
ingredient allocation

« Capacity issues

23



So...

We know the extent, consumer responses, basic
causes.

The implication of doing nothing is huge.

Some retallers are actively addressing OOS and
making progress.

What is next?

24



Many Remedies for OOS

Once out-of-stocks are defined and measured, process
Improvement focus at the retail store shelf can by
iImproved. The following improvement areas have been
identified in several studies:

« Remedy 1 - Process Improvements . address assortment
planning and space allocation (items that sell 5-10  x faster
than other items get only 2x the shelf space of slo  wer
moving items); planogram compliance, automatic orderin
systems, EDI, internet, real-time ordering, inventory c ontrol,
case pack sizes.

* Remedy 2 - Improve Operational Accuracy : address
automatic avallability measurement, inventory record
accuracy, RFID, and automatic identification.

* Remedy 3 - Improve Incentive Alignment _: address ordering
Incentives (supplier policies of minimum order sizes,
promotional periods, etc. that contribute to OOS), inc entive
systems, change culture.

25



Seeking a Cure

Given the number of potential remedies, it appears tha  t
fixing one or more OOS root causes should be a fairly easy
task for retailers.

However, knowing where to begin and which remedy will
produce the most efficient and effective results rela tive to
the invested resources remains a key barrier to
implementation.

Over the past two years, my colleague Daniel Corstenf  rom
the London Business School and | have been conducti ng a
study (funded by a grant from the Procter & Gamble
Corporation) designed to provide this information to th e
industry.

In doing so we have been examining a variety of remed  ies
through experiments with retailers where we “fix” a root
cause, and then measure the resulting change in OOS

levels.

26



Finding the Genie to Grant Our Wish:;

How to Solve Out of Stocks

Measurement and @
Assessment

Root Cause ldentification r;ﬁ /K
Apply Solutions <
Continual Improvement

See the whole picture and
address what you can 3

27



Store Focused

TYPE

ROOT CAUSE AREA

ISSUE DESCRIPTION

Usable Soluton

Store Based
Out of Stocks
(Ordering)

Sales Forecast

Sales forecast is understated
where OOS are unknown/not
adjusted for in history the foreca
is based on. It is overstated
where SKUs in history benefited
from switching due to OOS from
other SKUs. Sales forecast is al
influenced toward inaccuracy by
data synchronization errors

Demand Forecast

Demand forecast starts with the
errors unknown from the sales
forecast and attempts to adjust t
understand true demand based
some judgment, which is in itself
unscientific

Add back measure of lost sales
- Due to OOS in the estimate

0- Due to poor execution
P Due to Data Synch errors

Order Quantity Demand forecast adjusted by - Enhance PI accuracy
inventory quantity which is . Follow CAO recommendation
frequently inaccurate for safety stocks level

- Don’t hide product
- Use RFID to track cases and
pallets

Supply DC being able to have items in
stock; inaccurately pick, stage,
and load the quantity ordered by
store

Delivery Transportation of supply quantity - Adjust delivery cycle to meet

on time to correct store

most “stressed” items
- Monitor delivery frequency ang
timing




Shelf Focused

TYPE ROOT CAUSE AREA | ISSUE DESCRIPTION Usable Soluion
Capacity (Packout) Multiple of case pack required in - Packout

Shelf Based shelf capacity for efficient . Case Packs

Out of Stocks operations that avoids partial . Planogram compliance

(Operations) cases not fitting in the dedicated

shelf space. Good packout shoy
avoid product being hidden

behind adjacent product or in the

backroom. Packout can be poo
planogrammed or maintained in
the perpetual inventory system.

ild

)

ly

Capacity (Time Supply)

Shelf capacity necessary to mee
frequent peak demand needs.
Adequate packout meets deman
for consistent demand peaks.
Few systems calculate for their
regular peak demands.

t.- Demand-based planograms

- Safety stocks
d

Shelf Replenishment

Efficient and effective movement -

of product from the backroom to
the shelf for product as it is
unloaded from the truck or move
from backstock to the shelf.

Backstock to shelf process
- Sorting

- Notification of OOS

d. Shelf tags

- Data Synch




There Aren’t That Many Fast Moving Iltems

New analyses of POS data provide us with a clearer pic  ture of

product movement across time. The conclusion: a relati vely
small number of items constitute the majority of the store’s
total sales.

Large Store Item Velocity Characteristics

100%

90%

80% /
70%

60% / ——Avg Day
// ——Avg Peak Day
50% Avg Week

/// Avg 4 Weeks
40%

Cumulative Percent Sales

// —Avg Year
30% -+
20% 4l

10% +

0%

0 5000 10000 15000 20000 25000 30000 35000 40000 45000 50000

Number of ltems




Product Movement—Small Stores

Cumulative Percent Sales

100%

90%

80%

70%

60%

50%

40%

30%

20%
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0%

Small Store ltem Velocity Characteristics

0
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low Do You Measure O0OS?

 How is data collected?
— Audit
1. Labor Intensive
2. Believed by Employees
— Electronic POS data estimation
1. Data Intensive
2. Believed by Faith (and by comparing with manual audit)
 What does each tell us about the attributes of OOS?
— Rate (number of holes)
— Duration
— Lost Sales Per Event (intensity)
— Frequency
— Breadth (number of stores with simultaneous OQOS)

32



Audit Example:
Root Cause Percentages




POS Data Estimation Example

Actual Out of
Purchase Stock

Example 1:  Expected
(3 lost sales) Purchase

Sat Sun Mon Tues Wed Thurs Fri Sat Sun

Adual
Purchase
Example 2:

(4 lost sales) Eﬁffhcéig

Sat Sun Mon Tues Wed Thurs Fri Sat Sun

The algorithm determines each item’s velocity (using 52 week history)

Item expected velocity varies as the store velocity varies and price of
the item varies

When an item’s purchase cycle (expected velocity) is interrupted, that
item is deemed “Out-of-Stock”

34



How Accurate Is POS Estimation?

Data

Daily data or Transaction Log data (T-Log preferred)
Initial set of at least 26 weeks of data (52 weeks preferred) to train algorithm

85%-+ accuracy rate!

Physical audits were done at four different retailers to compare identified Out-of-
Stocks with actual shelf conditions.

False positive conditions include:

Product out of date
Physical obstruction — shipper or floor display in the way
Product in the wrong place on the shelf or with wrong shelf tag

Stockers “filled in” empty places on the shelf so manager thought product was in
stock

The false positive conditions above create an “effectual” Out-of-Stock
35



Example: Top 100 OOS ltems by Store

Retail Operations Package

Top 100 Out of Stock Items by Store
1 Week Ending 9/24/2002

Date
Expected % of When Time of Day
Iltem was Avg Sales Velocity Total % OO0S Item Time of Date When When Item
OOS on Last # of Duration Used in Lost Lost 0o0os $on First ~ Day When Item Lost Lost the
Week's 00S 00Ss of OOS  Determining Item Dollar Dollars Price Went Item First  the Most  Most Dollar
Store Item Code Category Description Report Rate  Events  (days) OOS Events  Units Sales Lost Red 0O0S Went OOS Dollar Sales Sales
0134 00000000000  Milk P Label Gallon Milk Repeat OOS 38.1% 2 1.74 126 183 $494 30.3% 0.0% 9/19/02  8:37 PM 9/20/02 4:09 PM
0134 00000000000  Bath Tissue Reliable 4 Roll Tissue 33.0% 2 1.75 1:09 70 $485 29.7% 100.0% 9/19/02 6:09 PM 9/20/02 8:59 PM
0134 00000000000  Condiments Picnic Catsup 16.3% 1 1.95 :59 43 $37 2.3% 100.0% 9/20/02 7:29 PM 9/20/02 7:29 PM
0134 00000000000  Snacks Party Hearty Potato Chips Repeat OOS 7.7% 1 0.86 1:27 14 $29 1.7% 100.0% 9/18/02 2:21PM 9/18/02 2:21 PM
0134 00000000000  Carbonated Beverage Mr Fizzy Diet Cola 2 liter Repeat OOS 81.3% 4 0.45 7:24 23 $23 1.4% 0.0% 9/17/02  4:58 PM 9/17/02 4:58 PM
0134 00000000000  Ice Cream Sinfullicious Ice Cream Vanilla Gal 83.0% 1 6.28 15:03 10 $19 1.2%  100.0% 9/19/02 10:32 AM 9/20/02  10:32 AM
0134 00000000000  Carbonated Beverage Mr Fizzy Cola 2 liter Repeat OOS 61.2% 5 0.32 6:19 19 $19 1.1% 0.0% 9/17/02  5:22 PM 9/17/02 5:22 PM
0134 00000000000  Fresh Bread & Rolls P Label Hot Dog Buns Rejeat OOS 20.0% 1 1.35 1:54 18 $17 1.1% 0.0% 9/20/02 10:39 AM 9/20/02  10:39 AM
2002 Data Ventures Report 5
Take Action!

This report helps:

 |dentify items with consistent Out-or-Stocks.
 |dentify day and time of OOS Events.

« Understand the extent that promotional activity dri
 |dentify items that need modification of delivery s

Also:

Frequent, short OOS on Mr Fizzy
Soft Drinks that are at everyday
price indicate that there may be a
need to modify the DSD delivery
schedule for these items.

ves Out-of-Stocks.

chedules.

» Use POS data to examine frequency attriutes to sho

w patterns



OO0S Patterns & Causes

Standard Analytics Retail Heartbeat ™ measures long term
trends in OOS rates.

SA can also deliver item-specific or store-specific an alysis of
OOS “patterns”.

The analysis is automated by SA’s software to uncove 1

possible OOS causes.

Patterns of out of stock time may indicate the root c ause:
— Possible solutions to eliminate / minimize the out of stock duration

— Out of stock periods are “non-scanning” time frames and may not be
“actual” out of stocks with no product on the shelf.

OOQOS Event Alerts can be fed to appropriate systems:
— In Store Action (PDA/Web)
— Space Management
— Order Management
— Logistics
— Promotion Analysis.

3/16/2007
Copyright Standard Analytics, LLC. 2006



Examples of OOS Patterns

— Promo Velocity Underestimated

OOS Correlate with Promotion Schedule

— Weekend Sales Underestimated
ltem Consistently OOS on Weekends

— Inadequate Shelf Space

Short Duration OOS :
Additional Supply is Clearly On-hand

— DC O0S

Relatively Long Duration OOS with High Correlation in
Geographically Close Stores

38

Copyright Standard Analytics, LLC. 2006. All rights reserved.




What Do Patterns Look Like?

* Pattern 1: Promo Velocity
Underestimated

» Store A, Fresh Express
American Salad 12 oz

* Problem Corrected in January

39
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What Does This Pattern Indicate?



What Does This Pattern Indicate?



What Does This Pattern Indicate?



What Does This Pattern Indicate?

’

O

O

O
O

O
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5 Key Areas of OOS to Address

. Due to OO0S, sales and demand are different

— We use data, but we have to get it right

— Item data accuracy / data synch

. Perpetual Inventory (PI) accuracy

. Allocate enough shelf space for the fast movers

— Category Management doesn’t have to be hard
. Comply with plans (planogram compliance)

. Keep shelves and back room straight



1. OOS Disquises Actual Demand

47% of OOS due to poor forecasts

Lost sales is unobserved because most customers, who do
not find the product that they intended to buy, make a
decision to not buy, buy elsewhere, or substitute, wi thout
registering the non-purchase of the intended item with the
store.

Forecasting models do not include estimations of los t sales
and simply forecast future demand on the basis of
historical sales.

Researchers have attempted to estimate demand with
unobserved sales. All models conclude that that lost sales
can be substantial and that it is strongly influence d by
average demand and demand uncertainty.



2. OOS Linked to Inventory Accuracy

Issue 1: Item Data Accuracy

Data inaccuracy in retailers’ inventory databases come s from a
variety of causes including:
*Merging previously independent databases; this happ ens due to

corporate mergers, and also through the joining of previously separate
systems.

sAccuracy with product replacements, new items that don’t get in the
database correctly, and purging information on disc ontinued items.
Manufacturers make minor changes in many of their i tems on a regular

basis. Most of these changes are subtle with one ve  ry similar item
replacing a previous item. In these cases there is a new UPC/GTIN code
for what is essentially the same product.

Manufacturers introduce temporary product changes, such as bonus
packs, where a new UPC/GTIN code that follows the b onus pack, but
then reverts back to the old UPC/GTIN.

46



2. OOS Linked to Inventory Accuracy

Issue 1: Item Data Accuracy
«Small differences can have a large effect.

*Third-party vendors, such as Transora and Sincronet , have evolved to
facilitate collaboration between retailers and manu facturers., facilitated
by the industry group, the Global Commerce Initiati ve (GCI).

» The effects of data alignment on lowering OOS can b e substantial as the
following two pilot studies reported by Capgemini/G Cl 2005 show:

— Johnson & Johnson and Wal-Mart have eliminated all OOS of J&J
products that were caused by data integrity. This represents a 2.5%
reduction of OOS of J&J products.

— In Latin America (Mexico, Guatemala, and Columbia), Procter & Gamble
and several retail customers reduced purchase order errors from 3.6%
to 0.8%, and this resulted in a decrease in OOS items from 8% to 3%.

a7



2. OOS Linked to Inventory Accuracy

Second issue: Perpetual Inventory Accuracy
Study (USA drug store chain):
Out Of Stock Rates were Benchmarked by In-Store Shelf

Where OOS Matched P. I.
(i.,e., P.l. = 0)

Where OOS Do Not Match P.I.
(i.e., P.l. >0)

Audits:

48



Pl Accuracy Observations

49



Pl Accuracy For ltems
In One Location vs. Multiple Locations

O
A O

Pl ACCURACY AVE Pl ACCURACY - ONE LOCATION ITEMS
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Steps to Improving
Inventory Accuracy

Focus Store Inventory Counts on:

— Physical OOS

— Negative On-Hands

— Zero On-Hands

— Other Directed Items (e.g. high shrink, fast movers)

Notice these are “Rifle Approach” vs. “Shotgun
Approach”

Eliminated all other Counting
— Reduced total cycle counts and improved accuracy

Continuous Improvement

Results:

— Increased Pl Accuracy 19%

— Reduced Labor Costs in Inventory Accuracy by 50‘{(1)



3. Providing Adequate Shelf Space

91% of the SKUs are Allocated Shelf Space Based on C ase-
Pack Size

86% of the items have enough inventory on the shelf to last
more than 7 days (days of supply, or DOS). This means  that
only 14% of the items need to be stocked more than one-
time per week. Many items have of two weeks + suppl yon
the shelf.

We know that lost sales due to OOS correlate with produ ct
sales velocity.

“Red Dot” program is a work-around
14% switch is not cost effective

Why not just take the few fastest and slowest movers and
switch out? “Category management made easy.”

Following chart shows clear opportunity of demand ba sed
planograms.



3. Providing Adequate Shelf Space

Peak Demand versus Mean Demand

030
7

25
v
k 20 = Detergent
E 15 Diapers
8 10 ==+Fem Care
P s
M

0

1 13 25 37 49 61 73 85 97 109 121 133 145 157 169 181
Skus by Category




4. Planogram Compliance

*To what degree does compliance with POG link to
levels of OOS?
POG Compliance involves:
Distribution
eSpace
*Arrangement
ltem Shelf
*Brand Arrangement
«SKU Level Arrangement






Weekly OOS rate measurement and analysis provided b

y Standard Analytics, LLC.
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Weekly OOS rate measurement and analysis provided b

y Standard Analytics, LLC.
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Diapers Analysis

105% -

100%

95%

90%

85%

80%

75%

70%

65%

60%

Diapers Category: 13 Week Average for 11 Stores

Store #

—&— Compliance
—&— Availability
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Descriptive Statistics

Diapers Analysis

Std. Deviation

Availability
Average compliance

.013023
.105698

11
11

Correlations

Average

Availability | compliance
Pearson Correlation  Availability 1.000 794
Average compliance 794 1.000
Sig. (1-tailed) Availability
Average compliance .002 .
N Availability 11 11
Average compliance 11 11
Coefficients 2
Unstandardized Standardized
Coefficients Coefficients
Model td. Error Beta
1 (Constant) .897 .023
Average compliance .098 .025 .794

& %

a. Dependent Variable: Availab
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Laundry Analysis

100% -

95% -

90% -

85%

Laundry Category Analysis

AQ‘:\\/\#H\/’

80% -

75% -

70%

4

65% -

60%

1 2 3 4 5 6 7 8 9

Store

—e— Compliance

—&— Availability

10
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Study Summary

» All 4 Categories Show Significant Relationships
between Planogram Compliance and On-Shelf
Availability

« Each Category behaves Differently

Diapers has a Very High Correlation, but a Small Change Coefficient
Femcare has a Weak Relationship Overall

Hair Care has very High Compliance and Availability to Start with
- Not Much Improvement that can be Made

Laundry has the Most Room for Improvement and the Strongest
Relationship

« With High Compliance the Benefit is Rather Small
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5. Shelf Replenishment

 There Is a key need to keep items straight
on the shelf

— Don’t cover holes
— Don’t hide product
— Keep shelf tags accurate

 There Is a key need to effectively get

merchandise from the backroom to the
shelf

» Test of shelf accuracy on OOS levels
shows strong results




5. Shelf Replenishment

14%
12% ]
10% |
8% |
6%
4% |
2% |

0%

Test vs. Control - Lost Units by Day of Week

m Control
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Sun




Recap and Conclusions

Get the product to the store, then get the product
on the shelf.

Get it right on the shelves
ldentify and address the fast movers

For store formats with faster moving items, use
POS estimation and look for patterns

For store formats with slower moving items, get
Inventory data correct

In all cases get item data correct through data
synchronization.
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POS Estimation Key Benefits

Allows:

Identify items which are habitually Out-of-Stock

Identify stores with Out-of-Stock problems

Determine the day of week and the time of day when Out-of-Stocks are most likely to occur
Quantify the cost of Out-of-Stocks

Measure success in implementing change

L eads to action:

Determine which items need adjustment to increase shelf space at everyday price

Identify items which need additional display space when promoted

Optimize store delivery schedules to reduce Out-of-Stock rates

Optimize store staffing schedules to provide the man-power needed on peak days or times

Assess the performance of store operations staff and measure improvements to stock-out
rates over time

Measure the success of operation implementation programs that relate to Out-of-Stock
Identify Direct Store Delivery (DSD) service issues so they can be resolved
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Using the Assessment

Focus Your Efforts
Target Towards Biggest Dividends
Areas that are Most Broken

Key Work Processes that will Return
the Most Benefit if Fixed

Small Set of Most Important SKUs that
will Return the Most Benefit if Fixed
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Contact for additional information:

Thomas W. Gruen, Ph.D.

Associate Professor of Marketing

University of Colorado, Colorado Springs, USA
719-262-3335

For a PDF copy of the study, you can download
directly from:
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